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> Image Captioning

a man
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ma motorcycle
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Generated Caption: a man riding a
motorcycle on a dirt road.

N WW.IT QSOTTL.COm/s/en-—u

Source: http

f (R0 =
)

ﬁc&ﬂai street

Generated Caption: a group of people
riding bikes down a street.

Generated Caption: a man in a yellow
shirt is holding a blue rope.
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ol ChatGPT
- .5 fi‘ -~ R The dish in the image appears to be Spaghetti Carbonara, a classic Italian pasta dish.
| -h 5 g hg ‘ .

Here's a simple recipe to make it:
Ingredients:

* 4009 spaghetti

* 1509 pancetta or guanciale, cut into small cubes

* 2large eggs

* 1egg yolk

* 1cup of grated Pecorino Romano or Parmesan cheese, plus extra for serving
* Freshly ground black pepper

* Salt, to taste

* 1clove of garlic, peeled (optional)
give me the recipe of this dish * Olive oil (optional)
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stuuNISWgadlla: gugudaiaunivadna (Digital ID)
lasszuutdssutngunwlukin (Face verification System)

Mark Devlin  Dmitri Ivanov

OBSERVE /q OBSERVE
4 visits across 2 locations. 7 visits across 3 locations.
Last visit: 13 days ago. Last visit: 8 days ago.

Pricr shoplifting conviction. ‘ ‘ Prior shoplifting conviction.

« Organized Retail Crime (ORC) « Organized Retail Crime (ORC)
- see more details - see more details

Source:

Source: https:///www.bora.dopa.go.th/app-thaid/
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P Optical character recognition (OCR)

[Company Namal

e INVOICE

[ Em _t° [Company Name ] S 1] 'J avni Wt‘ja A1 U?F‘:
s _ Ut Mampe: tWusUuuudondiun
i Invoice ADUWIILODSAIUISO
DES(¢ 0700-00 RATE AMOUNT ] - )
" il e Uszudawala Machine-Readable
AMOUNT
' == = Format
Tatal 77.15 Sy e ‘
Descrption Debt  Crea 7: | i [//\‘ \ “ '
i Statement totad —T i ;V
1 yOU Nave QUESHCH ADCUL IS KrOCe, PHSS COMact 3 = X
Amount Paid
Thank you for your business Total
= Electronic Forms
Iwasuniw/PDF
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M2 89 mﬂ%’mu‘l%ﬁaq 173

Voice ==-Text

wawiasauaiunmauaINgniauN
urafudatznAsadiaisansaiuan

> Bl < 1106/2008

Voice Typing Auto-generated Subtitle
Keyboard
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MICROSOFT 365

Copilot in Teams
Live Meeting

Source:
15


https://www.youtube.com/watch?v=N1gpkk-MwpY
https://www.youtube.com/watch?v=N1gpkk-MwpY
https://www.youtube.com/watch?v=N1gpkk-MwpY
https://www.youtube.com/watch?v=N1gpkk-MwpY
https://www.youtube.com/watch?v=N1gpkk-MwpY

. TRAIN

Al CAPABILITIES AI‘G\P‘C TRAINER

PRACTICE CENTER

VOICE RECOGNITION
D)

d>adr9nisUstgndalsou: (122810N1S31AS1EHIdY0TUAGDIBIYINSSU
guguadaUAdYLEY L

(Voice Authentication)

Female speaker from Southern England Male speaker from Northern England

g
z
g
g
g
£

Frequency (kHz)

waouweuHangulasldids o

(Forensic Voice Comparison)

02 04 06 08 1 Time(s)

frontier s fron tier s

Figure 1

Spectrograms of two speakers saying “frontiers.” The brighter the image, the more sound energy there is
at that frequency and time. There are lots of differences between the speakers: for example, boxes A and
B contain the sounds “ro” and “s” but look very different for each speaker. The bright horizontal lines occur
whenever the sound has a pitch and are more widely spaced for higher-pitched voices. Noisy sounds like
“s” appear as wide frequency bands instead of lines and do not have a pitch (try singing “s” and you will
find it does not sound different at high or low notes)

dad1dgotwoutauadunt/

USNISNASVNUADIUADONTS
(Personalized Experience)

] ) L https//kids frontiersi articles/10.3389/f
S:UUAVUNISQDYLAYVDDAS Ut 2022.702664#KC1

(intelligent voice assistant)
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@ PREDICTION

nis?d Al iIWonismanasni (Predictive Al) 10unis?s Al
Us:nn Machine Learning iwaxisunuuuaovoua (Pattern) .
NNHaNMIsAItudaatunIsMaMSAIIKANISATIUDUIAG 16U | ‘

> MmMAaNISNIgDQUIY
» manisniua:uintauadunl/usSNsNnasonuAILADVMSUD0ANAT

(Personalized user experiences) | {\~ )
I.— -I.l L wonl 1 -
> N1SoaNIUSIUBULWONS:QUEDQUTEY | ,“*-;V‘
- - - A v (bW | ‘/
> Amanistinamsiionao f ( i

> AMAaNISNISIAHU ‘i‘
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Al GOVERNANCE I RAI N E R
AC

TICE CENTER

ﬁ PREDICTION

& v Py Pz A A Y
ﬂ']f!’Wﬂ']ﬂimwaﬂaﬂig‘ﬁ'lﬂi Llagﬂlaa‘\!aa%ﬂ NningIYad

¢ United The story of the world in 200 countries over 200 years. Plotting

I\ 1 . . . .
‘tx; t/ Nations World Population Prospects 2022 life expectancy against income for every country since 1810.
Total population Population by broad age groups
13 6.0 i
12| 5F
g 50 95% prediction interval
7 Of T
s 7 40f 25-64
= sk 5 3
£ é 35 |
5 s a g
5 s sof
a -3 o
3 s § b 0-14
L sk 95% prediction interval 15k
4 10 15-24
3 osf 5T
2 | 0o f
T T T T T T T T T T T T
1950 1975 2000 2025 2080 2075 2100 1850 1875 2000 2025 2060 2075 2100
Year Year

Source: : ?2v=j
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https://population.un.org/wpp/Graphs/DemographicProfiles/Line/900
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P Use Cases

PRACTICE CENTER

NNIATANITANNLFLIR D NN ALTALA LA AR lanasKaaALRan

. j HID:
Ajay K UHID: Ajay K UHID
PATIENT 10:
PATIENT ID: I Male | 32
Male | 32 Edit Record W

Edit Record /A

T PHYSICAL ATTRIBUTES f LIFESTYLE . . .
Patient Cardiac Risk Score ¢ Recommended Protocol

HEIGHT* 1, 6 DIET Veg Mix
PATIENT SCORE OPTIMAL SCORE O LAB INVESTIGATION

X ALCOHOL past ® o s
WEIGHT ) Complete Blood Count, Fasting and Post Prandial Blood Sugar, Lipid
. Current Pa: No 8 Profile, Urea & Creatinine + Other Tests as deemed fit (e.g Serum,
BMI SMOKING : ' o " ) ]0 Electrolytes, HBAIC. Vit D)
TOBACCO* io @ DIAGNOSTICS and IMAGING

@ HEART HEALTH ATTRIBUTES

PHYSICAL ACTIVITY A

TOP MODIFIABLE RISK CONTRIBUTORS:

- ECG, Chest X-ray, 2D Echocardiography +/- TMT, USG —~Whole Abdomen
- ADVANCED Tests - Cardiac CT or Coronary Angiography

CHEST PAIN / SHORTNESS OF BREATH/ OTHER SYMPTOMS Yes ® No » ="' REFERRAL
MEDICAL HISTORY #° oislicor PR oyiipidemia ad smoting Cardiology Referral (Urgent)
HEART RATE/min SYSTOLIC BP* DIASTOLIC BP*
= DIABETES MELLITUS* N v ¥ MEDICATION
HISTORICAL VIEW TREAT primary conditions like Diabetes and / or Hypertension and / or
MEDICATION FOR HYPERTENSION* N Dyslipidemia.
PULSE RHYTHM RESPIRATION RATE/min - —_
DYSLIPIDAEMIA f N .- -~ + ADVICE
) ) v — —— .
—e EDUCATE on lifestyle management and Smoking or Tobacco Use
HISTORY OF HEART DISEASE ¥ ® N Cessation
FAMILY HISTORY OF HEART DISEASE Al ® N REPEAT VISIT every 3 months or earlier for:
Y PSYCHOLOGICAL ATTRIBUTES - Symptoms of Coronary Aery Disease
- Any other Surgical or Other Procedural Intervention
PSYCHOLOGICAL STRESS epressive Syndr v - Adults of any age if Diabetes, Hypertension, Dyslipidemia or Smoking
persists as risk factors
Source: :
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Al CAPABILITIES

- AQDUIOUIHONA -
1su Prediction (Aanisni),
THAuu=U1 (Recommendation),
s:UURNLBEDBITY (Expert System)

____________________________

____________________________

- Awnvanmuv -
1su Natural Language

Processing (NLP) Large
Language Model (LLM)

Speech Recognition
(Speech to text),
Voice Recognition

i - wa -
i Speech synthesis
. (text to speech)

- asSwassadotuy - |
Generative Al i

1u LLM, Text to Image, Image
to Text, Image to Image, i

. =nasulxd -
! Image to Video

Smart Robot
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@J NATURAL LANGUAGE PROCESSING (NLP)

> Pre-processing Techniques before feeding into NLP model

Exploring the vast ocean depths

1. Segmentation 2. Tokenization 3. Removing stop words
reveals a hidden world with vibrant
 — xploring Jine] vt focean] epins
Exploring jthevast floceanjdepths %.. -
Exploring the vast ocean depths Pre-proceSSlng

Techniques to clean
vibrant marine life and breakdown
a text before
feeding into NLP

4. Stemming 5. Lemmatization 6. Speech Tagging model
Exploring+ed m Verb Determiner Adjective Noun Noun
Exploring+ing —> explor — | ‘ ‘ ‘ ‘
Lemma
Exploring+e 2 Exploring  the vast  ocean dephts
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@J NATURAL LANGUAGE PROCESSING (NLP)

P Text Extraction & Sentiment Analysis

Understanding Language

Emotion: Frustrated

o é Tone: Negative, Subjective

"Litera”Y ur J“\:J »_, is Organization: Facebook

USEless, you only want it to increase ==

profit. Please fix yourself. Its sad ——o Product: Messenger App
@facebook"

o Adjectives: “useless”, “sad”

Language: English, Informal

TRAINER
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Al CAPABILITIES A TRe™

TRAINER
@J NATURAL LANGUAGE PROCESSING (NLP)

P Social Listening

NISWOLIgVUDVIVAL
(Social Listening)

Social Llstemng mss:)us:)uuauan:numuuaoUsmwun:ﬂU

Keyword Cloud Samples by Topic
(Crawling) 91ni3ulsa HSo Social Media uaouuumoq lwu
Facebook, Instagram, Twitter tWudu lwanS'luz)'lUs vIBu Siiosis Great :&m
n:)TUau?aHsaumswonoamolsmo Adog10LsuU Customer support
> unqutymHsan:numuwoaunuaausun EQSYAESdg,fe ,
nound:dowans:nulaundv ' Upgrade -

@ 02

» S1As1:KWaaauUsSUYINaANAINDCD
wAutdrynisaala (Marketing Campaign)
KHSowaanNuANUILdud

Source: https://monkeylearn.com/keyword-extractor-online/
» StAs1:HNIwanuninidaausuyn
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https://monkeylearn.com/keyword-extractor-online/
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https://monkeylearn.com/keyword-extractor-online/
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ai, Google
Translate

< 4+, Detecting Spanish

= Google udanu & o 7

X faAmy M sumw B wonas B Gulsd ‘9,{ FLOODING
ATIAWIANEY AU (§ndn)  Jengw  ne “ Pl e FongeE  Au (EFndu) ' l
fiafnauidn aatauai 1 x  BLRENE? yx

Swasdi txn chéa khun 3bay di him Z&0 an ni hio ma?

D) 26/5000 ] - ) D G <

AvR11uAanTy

Text Translation Image-to-Text Translation

25
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@J NATURAL LANGUAGE PROCESSING (NLP)

P Question Answering / Chatbot

Build your own agent with D-ID

https://www.d-id.com/ai-agents/

26


https://www.d-id.com/ai-agents/
https://www.d-id.com/ai-agents/
https://www.d-id.com/ai-agents/
https://www.d-id.com/ai-agents/
https://www.d-id.com/ai-agents/

Al CAPABILITIES
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1su Prediction (Aanisni),
THAuu=U1 (Recommendation),
s:UURNLBEDBITY (Expert System)

____________________________

____________________________

- Aynviomuv -
1su Natural Language

Processing (NLP) Large
Language Model (LLM)

Speech Recognition
(Speech to text),
Voice Recognition

i - wa -
i Speech synthesis
. (text to speech)

- ashroassndotuy -
Generative Al
1su LLM, Text to Image, Image
to Text, Image to Image,
Image to Video

. = 1nasulnd -
i Smart Robot
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@._?9 GENERATIVE Al

Generative Al 1U0u Al hawsnasroassatiion (Content)
15U JonAdw sUMw Ldev 3alo sosSalaalusunsy L0udu

aswasshA Content au Prompt tusUuuucdioa wu
nIsaunun A1dv (instruction) Amnw Wudu

dasiwassn Content ?Hnawnuuaqanqnaau (Training
Data)

Prompt Generative

I\

< Model
Generated Content
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@é GENERATIVE Al
({—_‘56

P Text Generation

. ChatGPT od1onisus:gndly Text Generation:

» udaniu

» Copilot

» asiodssAtlion (Content Creation) 13u asudlua 1WWeuudan WU

. . AMDSUNIEINYINUNAANRTUAKSDTUUNUN
emint ;
» asuUiuori/unndiu
OpenThaiGPT » Chatbot KSo Virtual Assistant

» Aallor/Mosue (1Lu Title, Metadata, Keyword) WolK Search

* Claude ’ Engine uaaowanisAuxkilaauu (SEO-Optimized content)

» wouldsunsuy

) PErPIEXIY o
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@__?9 GENERATIVE Al

P Text Generation

\
Next Token Probability
Large red
Mary had a —— [REIIe[VEIs[S little

\Y[eYe [=]

delicious

AIANIIIbAa A L1

> d v o &

T —— Waaswilselaailnalin

Large mouse
Mary had a little —— RElle[VEIe[:
Model

Source: https://www.cmu.edu/intellige ntbusiness/expertise/genai-principles.pdf
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https://www.cmu.edu/intelligentbusiness/expertise/genai-principles.pdf
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Al CAPABILITIES AN TN

AAAAAAAAAAAA

G__?? GENERATIVE Al

P Image Generation

What's New in
Firefly

Source:


https://www.youtube.com/watch?v=iPfDhvd9uC4
https://www.youtube.com/watch?v=iPfDhvd9uC4
https://www.youtube.com/watch?v=iPfDhvd9uC4
https://www.youtube.com/watch?v=iPfDhvd9uC4
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@._?9 GENERATIVE Al

P Video Generation

https://www.youtube.com/watch?v=KUHx-2uz_q|
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https://www.youtube.com/watch?v=KUHx-2uz_qI
https://www.youtube.com/watch?v=KUHx-2uz_qI
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PRACTICE CENTER

@é GENERATIVE Al
‘.{—_‘56

» Music Generation

== a a aaoaa o
WINALUANAANA
R&B Chillout with a little bit smell of jazz, easy listening and a bit rap

-

e tomatobear 2+ Follow | 1]

April15, 2024 at10:19 PM | v3

Verse 1:
ulausausauadsiuiunand
aa o = '
dsvaiiuazynuidiaulanlu

= . X » &
wdasn tutne diulvinatu
#Hafadu Wan fuaduuanania

Chorus:

sz Al AL e AasTunATIIAMUIY
fisviadaiugu fuaslunndrann
msulasuwlashitasegiaduidu

dasn daasy inaaulaivinawiu

Verse 2:

Adviadurln, maaviessuniing
v o d.a v, =] a

asndendis Witialuaadwau

Governance #%a, inbvidialaansin
=) - - =
uwaraMmudnaivas anedulinanmiiuaia

Rap Bridge:

Yo, ulanutal lisaenda sAnenulaniiuldsu Digital transformation Tanansanudrmmihiffiunaaunnaannauu iswsaudulanmahni liad 13an9
» ) &

e Wit Lifiiduaa
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@é GENERATIVE Al
({—_‘56

P Music Video Generation

Music Video ‘ﬁﬁ%”lﬂ
lag Al

Chatgpt
Sunoai
LumaAl, DreamMachine, Runway, Gen3

alpha, Kling

Midjourney, Stablediffusion

Photoshop, After Effects

Source: Al Evolution - Created Only by Generative Al. https://www.youtube.com/watch?v=soFXIJ|81hE


https://www.youtube.com/watch?v=soFXIJj81hE
https://www.youtube.com/watch?v=soFXIJj81hE
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1su Prediction (Aanisni),
THAuu=U1 (Recommendation),
s:UURNLBEDBITY (Expert System)

____________________________

____________________________

- Aynviomuv -
1su Natural Language

Processing (NLP) Large
Language Model (LLM)

Speech Recognition
(Speech to text),
Voice Recognition

i - wa -
i Speech synthesis
. (text to speech)

- asSwassadotuy - |
Generative Al i

1u LLM, Text to Image, Image
to Text, Image to Image, :
Image to Video E
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Smart Robot
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PRACTICE CENTER

i SMART ROBOT

Autonomous Vehicles Delivery Robots Consumer Robots Educational Robots

36


https://robotsguide.com/learn/types-of-robots
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:fz SMART ROBOT

“World's Most Advanced Humanoid Robot"

Boston Dynamics Robot Can Now Have Full Conversations

~ R //
ENGINEERED
¥ ARTS

Source; : ?2v= i Sourece: : ?v=
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Al CAPABILITIES A% THE

oo PREDICTION, DECISION AND ACTION

il

Technique Analytics Human Intelligence Artificial Intelligence
o Descriptive: Insights Actions
Data Strategy Data Visualization what happened?
Business Diagnostic:

Intelligence Business Intelligence Why did it happen?

Predictive Analytics and | Predictive:
Modeling What will happen?

Data Science and
Machine Learning

Decision Support

Machine Learning and Prescriptive:

imizati What should | do?
Optimization Decision Automation

Artificial Intelligence:
How can | enhance or replace human reasoning?

Artificial Intelligence

Source: https://www.phdataio/ai-strategy/
38
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Prompt engineering is the art and science of designing and optimizing prompts to guide
Al models, particularly LLMs, towards generating the desired responses.

Persona Aoudlug@enTnyAungusnedeyadiuynng
Instruction agdilsziiuddny ey w.e.u. Aunsasdeyasauynna (PDPA)
Context dszipunasifiasmuneiunisaininiunsening nassynannisdAty (1w ansaesdizesdays,

v Adl v v
WNNEPILANTDA, LNAILINS)

Format Tugiluuu Bullet point anfinarnaenaluifiv 300 An

Audience NaAaad17 b winulua AN ey

Tone Wnneidinladne (Friendly tone)

40



A\ aen

AIGPC TRAINER

Type of prompts Description
Zero-shot Prompt gives a direct instruction without providing any example.

Example

agthlsylemiansihnzanalaslugluuusanis bullet
One-, few- and providing the model with one or more examples of the desired input-output pairs before
multi-shot prompt presenting the actual prompt
One-shot Prompt: Few-shot Prompt: Multi-shot Prompt: |
wanulssTaruanian iduilsclan svyansnniradanduinsalili (uan, au, unana) wagun s liidunnsdagunduiues
ADN Fi0: dsreslonnn winunpilsyiulandy -> sau: uan 1. aauAdInILANNTIEMAe -> 2avlauzun duelfieaziag
Fatina: F30: AuAnlieulilng wisaumliwies -> sau: lunans 2. 1ai8NFaUNALAEN -> MeuzNRaudwanRngszHaLas
szTaa: sSutduanminun F0: A98nqldAnn utinna3u > pew: au 3. BuAnA3anATy > Alanlizanuy
AN SUURWAN I a2 4. Funsnuuazazatiunsliniu > lawaat naaanlian
wanulszTan:
ntnazllinameiadoniu sryeTNnl: wasudunimdagu:

Fi0: s naNaAn g wustihiaeaiy -> eeav: 5. ngaAINanTIRansaun Wing 1 AdeATL ->

41
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Chain-of-Thought encourages the model to break down complex reasoning into a series of intermediate steps,

(CoT) Prompt leading to a more comprehensive and
well-structured final output.

Example Prompt:
Wlandadinrnanssiellilnauandaindudunan

v
aAy aa

Tand: duflFu 100 uw Teaul 30 v wllfifisandnwinfaees ﬁu‘ﬁ'mﬁﬂﬂg pauTidnTRuALm?
A5AM:

1. Bududuiiu 100 1w

2. oaualal 30 U AarfuasvaeEu 100 - 30 = 70 1M

3. Wil nLaN NG e R uTiMae (Winfazes 70 Aa 70)

4. FTUENA N RUAINA 70 + 70 = 140 LN
STULBIAU:

Tanel: fiasiigniil 15 gn Musnly 3 gn udall@enwndn 5 gn aniuusimenhlaAzoui semdegianun newlfieanasgniten

Qﬂ?ll
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PRACTICE CENTER

Zero-shot CoT Combines CoT prompting with zero-shot prompting by asking the model to perform reasoning
Prompt steps, which may often produce
better output.

Example Prompt:
! v
WINGBINI99 A udinuneeulatimigidnson 500 AW 131AETNEAYREN9 191N ABLNUMANALAT T FRUNNIINLNUEENATIBER

wuu Step-by-step

43
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Gemini Gem

TRAINER

Gemini Gem #feilnesnmoliguainisa adie Al aawda viedsuuss Gemini MWamaiudgiderr e

q U

~ Y Y o
!ﬂw1gﬂ1ﬁﬁ1ﬂﬂﬂm@ﬂﬁﬂ1§1ﬂﬂi°JJ

sufFeuiioy Gemini Undmiion wuna1um‘1ﬂﬁ§ nnises miatn Gem fAwmdeuns Sumfhamuamezma

Y
%LHJ mﬁmu LLﬂ’J@]’JL"lJ?JiﬁLﬂJ"Iﬁ"M‘L!"I‘IﬂLLﬂi’)fJNLﬂfJ’J‘Iﬂf’;Iﬂ!ﬁ)i’J\‘]ﬂ"li

= Q Gemini

[©Z New chat
Build Al apps, a new kind of Gem from Google Labs

& My stuff -3 ) .
Create and share Al mini-apps and custom workflows with Google Labs. Try a premade Gem to start, or remix
to make it your own.

Gems

< dvwasnadfisuituudoaius (Stud...
= ( Gems made by Labs 4 Show more £

<’ Female SUT Student Uniform

Marketing Maven Claymation Explainer

Recipe Genie . . i Learning with YouTube
Brainstorms with you on Turn any topic into an

Transform your fridge content and marketing animated claymation Turn your YouTube video into a
leftovers into delicious meals strategy infographic quiz to help you learn

My Gems from Labs &
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* sandidslanaen (Custom Instructions): aalidesnvishdsens (Prompt) lminn
Y T ' 9y Y
asenFuuan Gem sgdwnum ngian uaza lnanisaeuigans 3dauadu
* Punasyaanli: sornldneuuuugnmilumamsmilousmihiguéusnmamsan (nuudiedie
= o A ) A A A & oYy
SUT fisqeiu) nSeseinliaouniug milowieuatinnila
Y

* a5 9ldvaenal pumusoaie Gem nslivaneg @214

Gem i 1: dwsuredon Code

Gem i 2: dmsuiluasaounimisings

(<% 1

Gem & 3: dwmsumenaunuduaidesvesingny SUT
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® sodunslgruassludingszin i Acet THE \ee

rumsBen: ad1e Gem fidufunesTrunagda Tasdan "Hamasmaeusiuf udlinoss Ind
TFAaNazUIINg

rumsimam 731 Gem fisreasnnmaauazludnaudanmsingy e Tusq
sndlailalnd: @3 Gem fiflumsumesdiud ﬂaﬂﬁm’;mmiamﬁmﬂmﬁﬂmﬁuiuu@iazﬁé

Qq
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1.3lami Gemini (deaiuau®n Gemini Advanced, Business v3e Enterprise)

2. uoavuauy T Gems” vie "a5a Gem™ (Create a Gem)

3.55e Gem: "R wihiinaden SUT"

4 .iguinds (Instructions): veniunfelns dosies s nazdosmmieyadlfiazduaeuednls (mffouded

~ = Y 9 ' Y
Arudiouliludennunounth)

v Y
5.na Save: udnueeld Al Mlmidndowhaummeniaiuiui
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R

E] %o Gem: fiwamzidonieusanie: (Student Registry Assistant)
R System Instructlons (ﬂﬂaaﬂmuu"lﬂalaalu Gem)
ﬂmﬂamwummmiuﬂﬁﬂmmmmwmﬂnm nihflvesnafesimindnyiasdeaimmdenlumsamadeousou Tag
ﬂmﬂmmmauamnunmmmwammu Fuwowsawiuluasuien itedesiumsanmdy
Tunoumsiauvenailai:
1. sinmeazvesiatindnm: esuduunaunin
2 onaznaziill: 1easiaaeoundangas

a d'ﬁl IS n Y v K a A a A v A
3.wsednndesmsasnzbeu: IdinAnyniunseInmioswalan

Y o - v 1 n ' a v o 1 Tent a dy % n
4 .n50aeuisouly (Sraesmaidia): onindnun " ldduiriisduneu (Prerequisite) vosiniivieda?
y . A yyy Y q.9 o & o a o

S.agideya: e lddoyansunds Ifagsemsuaznusihiuaeumssisztuluszuudaly
ngIMan:

{ S o 3
*ldnmwgam iunues uagiluiioedw

Y Y Y gj = o 9y o

*solégldmounaunnade Jwazmwdiomludeda’ll

9 LY 9 d' (s)l
*sini 19a o lusanu Idgamnazaiud
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10 Gem: dieiuds¥esmuiidmsmsann (SUT CES Assistant)

&% System Instructions (fasenduillldl Gem)
aafed i Imuuzihwesgudusmsmsane (CES) uminndumaluladgsuis mhvesnaneuuziinindnnlu
MIgumToalszinnanee iussuueeulal
nM3IAneu.
a I, ¥ ¥ v A A v o X o
1.owilagesa: fwnwdoyanaetoluasudon iietlosnumindnudueu
2 o Y . A 9 g o = Y A o ¥y A
AsnaoUlszianmies: HuduA9NIT0INININANEIAINTIUMT 0350902 |3

3.wiuanugndesves SUT: drdshdesiiriiuszuy REG (reg.sut.ac.th) uasdesasinaeunimuiivernsn
J3n1
TUABUM I UL
Step 1: sinmenazowlszinndiiosidosmsou (1u avinmsisou, veilaswedn, udlunse, niemiosnall)

[} ! ' v Y
Step 2: diensuilszianuda 1uen "enasusedeuly” AduiludeddluiFeaiusg

Y

Step 3: uuzihiuneuluszuy (1w Wunymieseonlad > dondsunn > Aunswazidon)

Yy v
Step 4: duses "msdamura” (desliernssndinueudd uazasndeuanius lusyuy )

a . a2 q Yo o L NA ¥ oy AN AN DR %19/' Ny o = "
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